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Children’s Mental Health

• Children’s mental health is the \de�ning public health crisis of our

time" (US Surgeon General)

• Two of the most common childhood mental health diagnoses:

ADHD and depression (Dwyer and Bloch 2019, Danielson 2023)

• Concerns over the substantial variation in pediatric mental health

care across regions and within regions across providers (Cuddy and

Currie 2020)
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This paper

Using BCBS health insurance claims data from 2012 through 2022, this

paper

• Provides systematic quanti�cation of the drivers of variation in

children’s mental health prescribing in the United States

• Decomposes the drivers of regional and provider-level prescribing

rate variation into

- Regional practice environments

- Differences in PCP prescribing intensities

- Child health and demand

• Shows additional results on provider practice styles

- Different practice intensities for different conditions

- How is practice style of PCPs related to their training and

experience?
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Preview of Results

With child and provider migration across regions and within-region child

switching between PCPs, an AKM-style model is estimated.

Results show that

• Provider prescribing intensities drive a substantial share of

prescribing variation

- Equalizing prescribing intensities across PCPs would reduce variation

in ADHD medication and antidepressant prescribing rates across

PCPs by 50% and 65%

• However, di�erences in average PCP prescribing intensities explain

little of the regional variation, while di�erences in HRR �xed e�ects

account for 40-50% of the geographic variation

• A quarter of PCPs have di�erent relative prescribing intensities

across conditions

- Higher quality providers tend to have lower antidepressant

prescribing intensity and higher ADHD prescribing intensity
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Literature Review

1. Variation in health care

- Geographic variation: Skinner and Fisher 1997; Fisher et al. 2003a;

Fisher et al. 2003b; Baicker and Chandra 2004; Sirovich et al. 2006;

Song et al. 2010; Finkelstein, Gentzkow, and Williams 2016; Molitor

2018; Finkelstein, Gentzkow and Williams 2021; Ding 2023

- Provider effects: Cutler et al. 2019; Badinski et al. 2024

2. Mental Health Care

- Berndt et al. 2015; Laird and Nielsen 2016; McBain et al. 2019;

Currie and MacLeod 2020; Marquardt 2021; Currie and Cuddy 2026

3. Provider practice styles

- Grytten and Sorensen 2003; Epstein and Nicholson 2009; Currie,

MacLeod, and Van Parys 2016; Currie and MacLeod 2017; Kwok

2019; Ahammer and Schober 2020; Fadlon and Van Parys 2020;

Chan, Gentzkow, Yu 2022; Gowrisankaran, Joiner, and Leger 2023;

Currie and Zhang 2023
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Model



Model

Consider a child i who visits their PCP j in year t,

yijt = �i + �j + 
r(ijt) + �t + �Xit + "ijt (1)

- y 2 fa; dg: whether the child is prescribed ADHD medication or

antidepressants during year t (by PCP or other doc*)

- r(ijt): region of ijt (here, HRR)

- Xit : age bins (5-9, 10-14, and 15-21)
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Fixed Effects

• Child-speci�c �xed e�ects �i :

- Capture child’s underlying health and/or their parents’ preferences

for Rx treatment for condition y

- Could also capture variation in moral hazard from potential

out-of-pocket costs (assumed to be minimal)

• Provider-speci�c e�ects �j :

- Represent PCP prescribing intensity for condition y , capturing the

relative propensity of the PCP to prescribe

- Reflect differences in diagnostic skill (Currie and MacLeod 2020),

diagnostic thresholds (Marquardt 2021), beliefs (Cutler et al. 2019),

and specialist referral networks (Zeltzer 2020)

• Regional e�ects 
r(ijt):

- Encompass factors driving prescribing that are common to all

child-provider pairs in r

- Reflect differences in local supply (Cuddy and Currie 2020), special

education financing laws (Morrill 2018), and non-provider-specific

healthcare and cultural factors
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Identi�cation

The model exploits child and provider migration across regions and
within-region child switching between PCPs

ˆ � i and �j are separately identi�ed o� of prescribing changes as
children switch providers and prescribing variation within a provider
across patients.

ˆ 
 r (ijt) are identi�ed from changes in prescribing as patients and
PCPs move across regions

ˆ Thought experiment

- (1) child switch PCP in region ! PCP FE + child FE
- (2) child move across region ! region FE (net out PCP FE)
- (3) PCP move across region ! better region FE + PCP FE
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Assumptions and issues

- \Parallel trends": Unobservable shocks in health or Rx preferences
(for child movers) and shocks in practice intensity (for PCP movers)
must be uncorrelated with the di�erence in prescribing intensity
between the origin and destination.

- Why moving? Here, likely di�erent than oft-used Medicare setting.

- Conditionally idiosyncratic switching of children between PCPs + no
sorting on match-e�ects between children and providers

- A priori possible ! Hunting for desired treatment?

- Pitfalls of high-dimensional �xed e�ects models ! small cell sizes
and limited mobility of children and PCPs

- Not so much here... lots of mobility. Too much?
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Data

ˆ Insurance claims and membership �les from the Blue Cross Blue
Shield (BCBS) Alliance for Health Research, from 2012 through
2022

- Focus on children aged 5 thru 21 with coverage spells of at least 6
months (11.5M)

- Match children to their \modal" PCP and HRR regions for each year
(about 28% are unmatched)

ˆ Movers
- 243,940 children yielding 1.3M child-years
- 15,842 PCP movers (adapted procedure from Badinski et al. 2023)
- Almost 90 percent of PCPs are matched to at least 30 switchers in

the sample Switchers

ˆ Additional restrictions
- Providers need 30+ child patients + 3 years; drop multi-mover

children; limit to largest connected set (717,724 ! 130,616 providers
+ 82.6% of child-years)
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Results
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